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« According to last year's capstone project sponsored by PACCAR, an equation  Total tractive force as a sum of rolling resistance, | For future work, we have several directions in mind to improve this range estimation tool.
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obtained from machine learning model has been proposed to predict energy y & antl & Energy Consumption for Testing & Algorithm Validation: With real-world collected data, we can test and improve our
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' . Energy consumption for each segment based on + existing algorithm to make it more accurate. For instance, in our current algorithm, the stationary
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