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Intuitively, increasing the sample size (the # of conductance traces used
to compute a histogram) should improve the classification accuracy. For
Beta MM1 and Beta MM3, we need a much larger sample size to reach
similar accuracies as other sequences.
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threshold as the critical parameter.
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Approximation (PLA) approach to extract conductance-time segments
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impressive performance boost (approximately 20%) for all sequences. Conductance vs. distance trace
About 20-30 experimental runs are sufficient for over 95% accuracy and
real-time DNA sequence identification.
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