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* Self-driving wheelchairs must handle tight, crowded indoor spaces. Six Gazebo top-down strips: C1-C4 use the full course view; C5-C8 use focused close-up summaries of the local Full C1-C8 Benchmark Summary ecese |80 il
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e Hybrid reaches 10/10 in every simulated scenario.
e TEB remains competitive but drops in C2-C5.
e SAC drops mostin C3, C4, and CG6.

» C1-C4: reference navigation cases.

« (C5-C8: added stress cases covering crowds, sudden obstacles, degraded ®
sensing, and drift.

e Scenarios are shown in compact views for readability.

» All planners use the same scenario definitions.
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« Benchmark mode uses repeatable, isolated simulation trials.
 Demo mode can advance through C1-C8 in one Gazebo session.
* Timeouts, contact events, and recovery behavior remain visible.
« Scenario-specific effects are validated during playback and review. Future Work References
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