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where x1 represents the location of the detection, uy
represents the predicted location of the track, and Sy
represents the covariance matrix of the track.

Contact Information

= It a detection is not associated with an EKF, create a new

EKF initialized based on the given detection. = Skyler Martens: skylem3@uw.edu

= Delete EKF’s with no recent associated detection. = Huy Nguyen: nguyeh89@Quw.edu

= Daniel Park: dswpark@uw.edu

Figure 4: Simulation of Multi-Detection Tracking System on left « Jianfeng Huang: hjf007Quw.edu
and track of drone to 500 meters on right.
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Figure 1: Process of creating and plotting a range-velocity map.



